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. THE PROBLEM @

How to accurately predict
TV viewing habits?

There are several aspects that pose additional challenges w.r.t.
traditional recommender systems:

 Dynamic catalog of items

 Time-constrained catalog

« Strong context-aware consumption pattern

 No simultaneous consumption

 Multiple consumption of the same item

 Real-time constraint: users are used to very responsive TVs
 Only implicit feedbacks

which program the user will
watch in this time slot ! ?
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DATASET

« 21k distinct programs
* 82 novel programs/day
« 229 novel programs/week

e 13K users
« 200 channels
* 4-month time span
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ALGORITHMS
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4 EVALUATION

training set

test set
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Performance over time
>€ >< N/

0.85- \
o.%*\t \

%0-75* ><CxtBlend \‘

S @ TopCh
07 - TopCh u
" | |49 TopCh us
0.6, —&— \‘
0-5 2 3 4
weeks
Recall and average rank
: | recall avgRank
Algorithm

° @1 | @5 | @10 @50
CxtBlend 0.283 0.734 0.852 5.819
CxtBlend g 0.290 0.734 0.859 6.518
CxtBlend gg 0.290 0.733 0.858 6.607
topCh 0.125 0.423 0.639 11.942
topCh u 0.232 0.612 0.797 7.512
topCh_us 0.282 0.658 0.759 12.587
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